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Abstract: Objective To explore the clinical research and application value of artificial intelli—
gence ( Al) aided diagnosis software in lung nodule screening and qualitative diagnosis of CT screen—
ing of chest low-dose CT. Methods The clinical data of 103 patients with pulmonary nodules diag—
nosed by pathology were analyzed retrospectively. The preoperative chest low-dose CT images of 103
patients with pulmonary nodules were imported into the Al analysis software of apricot pulse sharp
shadow pulmonary nodules. The methods of Al and radiologistsfilm reading were used to screen pul—
monary nodules and make benign and malignant diagnosis. The Al aided diagnosis software was com—
pared with the screening of pulmonary nodules by radiologists and the pathological diagnosis was
taken as the gold standard the accuracy of Al aided diagnosis software and radiologist diagnosis was
analyzed. Results A total of 258 nodules were detected by chest low-dose CT in 103 patients. The
sensitivity of pulmonary nodules detected by Al assistant software and radiologist were 96. 12% and

89.53% respectively the positive predictive values were 95.00% and 100.00% respectively the
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false positive rate of pulmonary nodules detected by Al assisted diagnostic software was 5.00% and
radiologists did not detect false positive pulmonary nodules. There was significant difference between
Al aided diagnosis software and radiologists in screening ability of pulmonary nodules ( P <0. 05) .
A total of 108 nodules were diagnosed by pathological examination in 103 patients with pulmonary
nodules the sensitivity of Al aided diagnosis software and radiologists in diagnosing pulmonary nod-
ules were 95.35% and 91. 86%

respectively. Conclusion Al aided diagnosis software has high accuracy in the screening and de-

respectively and the specificities were 72.73% and 81. 82%

tection of pulmonary nodules and the diagnosis of malignant nodules but the accuracy of differentia—
ting benign from malignant pulmonary nodules is lower than that of radiologists. Therefore Al aided

diagnosis software as an auxiliary approach can be combined with diagnosis of radiologists to improve

the overall diagnosis and treatment efficiency of pulmonary nodules.

Key words: artificial intelligence-assisted diagnosis software; low-dose computed tomo-—

graphy; pulmonary nodules; benign and malignant; screening; qualitative diagnosis
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