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Advances in Application of Artificial Intelligence in Imaging Diagnosis of Lung Nodule
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Abstract Artificial intelligence (AI) has significant advantages in accurately identifying lung nodules and measuring the size of
lung nodules in chest CT images. Lung nodules can be identified, classified, and evaluated as benign or malignant by machine
learning, deep learning, and other techniques as well as different algorithms. This article summarizes the technical methods and

clinical applications of Al in the imaging diagnosis of lung nodules, aiming to provide a reference for the application of Al in
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imaging diagnosis.
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